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1) Strolling Detected Selected 2) Road race
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icycle Person
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. Bottle Bottle
Bird Truck

Person Person
Bicycle Bicycle

Detected Selected 6) Playing volleyball
Object cues

5) Dog- centrlc wdeos

== Object cues
Person Person
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Car Car
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= Train Train
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¢ Person Person
Car Tv
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W | P 9SRAEHEIXR | P 95% B
g1 | 29.8  23.6~36.0% | 11.7 10.3~13.2
g2 | 181 13.9~22.2* | 831 5.94~10.7
W3 | 39.6 28.2~51.1* | 11.8 7.01~16.5
g4 | 18.6 13.3~23.9*% | 922  6.95~11.5
g s | 22.8 10.8~34.7% | 6.92 4.01~9.83
W6 | 203  1.48~2.57 | 3.26 2.77~3.75%
W7 | 143  12.4~16.3* | 8.78 7.33~10.2
g8 | 71.6 45.2~98.0% | 23.8  19.7~28.0
Total | 13.7 10.9~16.5* | 7.84 7.01~8.68
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Detected Selected 3) Strolling in the street

Car “
! Trafic light Trafic ligh
Motor cycle Motor cy
Truck Umbrella E55S

Detected Selected 7) Cookmg at home

Train Trafic light

Detected  Selected
Object cues

Detected Selected 4) Shopping at a store
Person Person

Object cues [+

Person Bicycle L

i":\ Motorcycle Motorcycle Refrigerator Refrigerator
== Bicycle Umbrella % ” Bottle Bottle

* Umbrella  Boat Cup
Cow Cow Toothbrush Toothbrush

Boat Truck Cell phone  Cell phone

Detected Selected 8) Playi nanamusementpark Detected  Selected

Object cues 1] Object cues
Bottle Person Bl Person Backpack
Person Bottle 8 Potted Plant Potted Plant

- Bowl Sink e Backpack  Dining table
__ Dining table Bow! .. Dining table Chair
Cup Refrigerator Chair Suitcase
Sink Tv i Cup Cell phone
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EgoScanning
ﬂ. 2lE 3.

Q1: the ease of
interface uses

DO-Scanning
4W 5 6 70

Q2: usability of
provided cues

Q3: usability for
unseen videos

Q4: user experience
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LATEF 2—DONEZEELT, HETH>—rD
BRI A SV T DREEEBL T 570, 5H%iF
R & BHEIEZ GhX 72 ¥ 2 — DI IRE
TLIY AL WAL, X 2 —%2RrT 54
VT 2 ANEFRIE 0,

7 F¥EH

AL TIPSR & 2 —F AITHED W T
PRADEE 2 B 2 L S % A v 5 7 = —
AZREL, ZOEMEZBGEEL 72, FEDY — v
ZHERT 25 27 D5 K & EBEHl ORI R 5,
AR DONEZEZB L 72 % 2 — 2R T 2854
Y7 x— A, MR OGS B
LERCHENTH S L 2R L 7.

DO-Scanning TR S L7 ¥4I, EgoScanning
TlRIEEEOHE, F, \NPICOAREHL T 528,
fllic b HFED Iy Ea—y Y a ViV
LT, A7V 27 MRS v Z Do BRI D
FHTE 3. 581%, 200l L TiREETLVIY
ALz T 52 LT, L OikL GO — AP
R 6 G TE 72 £ 3 S ICAHI O > — 12
HHWEERA VY 72— AICRBIETOEL D,

AWFSii% IST ACCEL GREZE 5 JPMIAC1602) X

O, JST CREST (%5 JPMICRI4El) D&%
=z,

2530

[1] A. Fathi, J. K. Hodgins, and J. M. Rehg. Social In-
teractions: A First-Person Perspective. In In Proc.
IEEE Conf. Computer Vision and Pattern Recogni-
tion (CVPR’12), pp. 12261233, 2012.

[2] K. Higuchi, R. Yonetani, and Y. Sato. EgoScanning:
Quickly Scanning First-Person Videos with Egocen-
tric Elastic Timelines. In Proceedings of the 2017
CHI Conference on Human Factors in Computing
Systems, pp. 6536-6546, 2017.

[3] K. Kurihara. CinemaGazer: a system for watching
videos at very high speed. In Proceedings of the
International Working Conference on Advanced Vi-
sual Interfaces, pp. 108—115, 2012.

[4] Y. J. Lee, J. Ghosh, and K. Grauman. Discov-
ering important people and objects for egocentric
video summarization. In In Proc. IEEE Conf. Com-
puter Vision and Pattern Recognition (CVPR’12),
pp- 1346-1353, 2012.

[5] L.-J. Li, H. Su, Y. Lim, and L. Fei-Fei. Objects

As Attributes for Scene Classification. In Proceed-
ings of the European Conference on Computer Vi-

sion (ECCV), pp. 57-69, 2012

[6] Y. Li, A. Fathi, and J. M. Rehg. Learning to Predict
Gaze in Egocentric Video. In Proceedings of the

IEEE International Conference on Computer Vision
(ICCV), pp. 3216-3223, 2013.

[71 T.Y.Lin, M. Maire, S. Belongie, J. Hays, P. Perona,
D. Ramanan, P. Dollar, and C. L. Zitnick. Microsoft
COCO: Common Objects in Context. In Proceed-
ings of the European Conference on Computer Vi-
sion (ECCV), pp. 740-755, 2014.

[8] Z.Luand K. Grauman. Story-driven summarization
for egocentric video. In In Proc. IEEE Conf. Com-
puter Vision and Pattern Recognition (CVPR’13),
pp- 2714-2721, 2013.

[9] Y. Poleg, A. Ephrat, C. Arora, and S. Peleg. Tempo-
ral Segmentation of Egocentric Videos. In In Proc.
IEEE Conf. Computer Vision and Pattern Recogni-
tion (CVPR’14), pp. 2537-2544, 2014.

[10] J. Redmon and A. Farhadi. YOLO9000: better,
faster, stronger. In In Proc. IEEE Conf. Com-
puter Vision and Pattern Recognition (CVPR’17),
pp- 7263-7271, 2017.

[11] M. M. Silva, W. L. S. Ramos, J. P. K. Ferreira,
M. E. M. Campos, and E. R. Nascimento. Towards
Semantic Fast-Forward and Stabilized Egocentric
Videos. In European Conference on Computer Vi-

sion (ECCV), pp. 557-571, 2017

[12] J. Xu, L. Mukherjee, Y. Lo, J. Warner, J. M. Rehg,
and V. Singh. Gaze-enabled egocentric video sum-

marization via constrained submodular maximiza-
tion. In In Proc. IEEE Conf. Computer Vision and

Pattern Recognition (CVPR’15), pp. 2235-2244,
2015.

| DO000000000URLD 00O http://www.wiss.org/WISS2017Proceedings/oral/0L.html |




	Field_01: ※全査読コメントは右URLを参照：http://www.wiss.org/WISS2017Proceedings/oral/01.html
	FieldSairoku_01: ロング採録


